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 https://www.bcg.com/capabilities/artif . and Al maturity, but gaps | — | -
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icial-intelligence 5 penp— 26 ; -

Public sector 279 3%
""" T W Improving significantly faster than all surveyed companies

Source: BCG DAICAMA surveys, 2015-2024; n = 1,199.
Note: “Improving significantly faster” defined as a growth rate 25% higher than the 8% average.
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